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How accurately can these 169 transfer settings

be predicted w/o training a full parser?
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° Extracting labeled + directed dependency trees
.~ w/ DEPPROBE: <3 matrices (127k parameters). Dozat and Manning
. ’ (2017)
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Relation Accuracy of BAP and DEPPROBE compared for all 13 in-language targets, grouped

according to the Universal Dependencies taxonomy (de Marneffe et al., 2014).
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